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ABSTRACT

Small and medium-sized enterprises (SMEs) often face unique challenges in integrating advanced digital technologies due to
limited resources and organizational constraints. While much attention has been given to large firms' adoption of big data analyt-
ics (BDA) and artificial intelligence (AI), less is known about how SMEs can leverage these tools effectively. This study addresses
the research question of how SMEs, especially SaaS B2B, can transform marketing processes through advanced data analytics,
large language models (LLMs), and generative AL Drawing on a qualitative case study of a SaaS company, this research proposes
a framework for integrating web mining and LLMs into a semantic analysis process to improve client acquisition by better tar-
geting potential clients, i.e., leads. It optimizes lead qualification and facilitates the replication of successful cases by automating
data collection, generating tailored marketing content, and creating customized commercial proposals. Based on the business
analytics success model (BASM) framework, our study investigates the organizational changes necessary to embed innovative
data-driven business processes into existing workflows through process mapping. Key stakeholders evaluate the proposal via
interviews, which discuss the barriers to aligning and opportunities associated with adopting AI-driven solutions and emphasize
the importance of technological capabilities with business goals. The findings reveal that for SMEs, adopting advanced analytics
is contingent upon overcoming resource constraints through targeted organizational adjustments, such as incorporating domi-
nant logic identification into strategic planning. This research contributes theoretically by customizing the BASM for SaaS SMEs
and offering a roadmap for implementing Al-driven marketing solutions, demonstrating how SMEs can enhance operational
efficiency and achieve competitive advantages, even in resource-constrained environments.

1 | Introduction

In recent years, small and medium-sized enterprises (SMEs)
have increasingly recognized the potential of data-driven mar-
keting to enhance lead qualification processes and improve cli-
ent acquisition, thereby boosting business performance (Chong
et al. 2024). However, while large enterprises have more read-
ily adopted big data analytics (BDA) due to greater access to
financial and human resources, SMEs face significant chal-
lenges in leveraging these technologies (Mikalef et al. 2019). The

integration of BDA into marketing processes, especially in lead
qualification, demands a shift not only in technical infrastruc-
ture but also in the strategic and operational mindset of SMEs
(Gupta and George 2016; Mikalef et al. 2018).

Despite the potential for substantial benefits, such as more ef-
fective targeting and personalization, the adoption of BDA in
SMEs is often hindered by high implementation costs, lack of
specialized personnel, changes in organizational processes and
a perceived complexity that discourages investment in these
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technologies (Hashem et al. 2016; Gupta and George 2016). The
review concludes that, despite these challenges, SMEs can effec-
tively harness the power of big data by adopting tailored strate-
gies that align with their specific business needs and resources
(Davenport and Ronanki 2018). By leveraging data-driven
insights, businesses can create personalized experiences that
drive more leads and convert more clients (Kumar et al. 2023).

Lead qualification, a critical component of the sales funnel,
refers to the process of identifying potential customers most
likely to convert into actual buyers. Traditional lead qualifi-
cation methods rely heavily on intuition or manual processes,
often leading to inefficiencies, particularly in SMEs with lim-
ited resources (Gupta and George 2016; Mikalef et al. 2019). This
challenge is especially pronounced in Software-as-a-Service
(SaaS) B2B companies, where scalability depends on efficiently
acquiring new customers. In this context, dominant logic—the
shared cognitive map and strategic mindset of the management
team—plays a central role in shaping business practices (Bettis
and Prahalad 1995).

In B2B SaaS SMEs, lead generation and qualification are not
merely operational marketing tasks but a central constraint to
scalable growth, as slight changes in lead quality can substan-
tially affect conversion rates, customer acquisition costs, and
sales cycle duration. Prior research shows that digital plat-
forms and Al-enabled analytics play an increasingly key role in
helping SMEs systematize customer acquisition processes and
integrate data-driven decision support into customer-facing
activities, despite limited resources and specialized expertise
(Wei and Pardo 2022; Li et al. 2023). From a managerial per-
spective, contemporary B2B lead generation increasingly relies
on analytics-enabled, digitally mediated processes rather than
relationship-based prospecting alone, reinforcing the relevance
of BDA for structuring and prioritizing leads in resource-
constrained SME contexts (Harvard Business Review 2021).

Building on this strategic view, for many SaaS SMEs, the domi-
nant logic revolves around replicating successful business cases
as a strategy for scaling operations. This logic, defined as the
shared cognitive map and strategic mindset of an organization's
top management (Bettis and Prahalad 1995), shapes decision-
making, resource allocation, and business development. The
replication process typically involves designing customized
solutions for initial clients willing to invest in tailored projects.
Once a project is completed, it becomes a reference case, demon-
strating the firm's capabilities and forming the foundation for
attracting similar customers (De Rolt 2000). In the context of
SaaS$ firms, this means leveraging past success cases to guide
client acquisition and solution development.

To support this strategy, businesses must develop a deep under-
standing of their value proposition and, crucially, their existing
customer base. Determining the ideal customer profile (ICP) is
a key step in this process, as it helps companies identify pros-
pects with similar characteristics to their most successful cli-
ents (Iacobucci 2018). BDA enhances this capability by allowing
SMEs to analyze CRM data, refine the ICP dynamically, and as-
sess prospective clients in real time. This leads to improved lead
scoring, more precise segmentation, and highly personalized
marketing strategies (Rancati et al. 2015).

However, despite the clear advantages, many SMEs struggle
to implement these advanced techniques due to financial and
human resource constraints, creating a gap between their po-
tential and actual use of BDA (Al-Sai et al. 2020; Fosso Wamba
et al. 2016; Maroufkhani et al. 2022; Noonpakdee et al. 2018;
Maroufkhani et al. 2022; Noonpakdee et al. 2018). This study
aims to address this gap by proposing an improved framework
for integrating BDA into the lead qualification process of SMEs.
Through a use case in a SaaS company, this research explores
how SMEs can overcome the barriers to BDA adoption and im-
prove marketing processes. Specifically, the study examines the
transition from traditional lead qualification methods to a data-
driven approach, assessing the implementation through qualita-
tive insights gathered from interviews with managers involved.
The guiding research questions are:

RQ1. How can big data analytics be integrated into the lead
qualification process within SMEs?

RQ2. What are the key barriers SMEs face when adopting big
data technologies for B40 marketing?

RQ3. How can these barriers be addressed to enable effective
BDA adoption in SMEs?

This study contributes to the growing body of literature on BDA
adoption in SMEs while also delivering actionable insights for
practitioners seeking to leverage data-driven approaches in
resource-constrained environments. It proposes an expanded
version of BASM tailored for SaaS SMEs, including mapping
business processes and considering the dominant logic, bridg-
ing the strategic goals and practical elements of BDA adoption. It
provides a roadmap for SME managers to implement data-driven
marketing processes, with a specific focus on lead qualification,
which can be adapted to various organizational contexts.

2 | Conceptual Background

This section outlines the conceptual foundations used in this
study. It first situates data analytics within a business process
perspective, emphasizing how organizational routines, decision-
making, and dominant logic shape the adoption and use of ana-
lytics capabilities. Building on this foundation, the section then
focuses on BDA in digital marketing, with particular attention
to customer acquisition processes relevant to SaaS SMEs.

2.1 | Business Processes and the Role of Data
Analytics

The business analytics success model (BASM) offers a com-
prehensive approach that integrates people, technology, and
process flows to understand how organizations derive value
and benefits from adopting data analytics (Seddon et al. 2017).
BASM posits that the primary drivers of commercial value in
data analytics are actions inspired by new insights, which en-
able better decision-making.

The BASM process model is based on several literature streams,
namely problem-solving theories (Newell and Simon 1972; Pretz
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et al. 2003), insight generation and organizational frameworks
such as the resource-based view (Barney 1991) and dynamic ca-
pabilities. It also incorporates principles from the viable system
model and insights from IS literature on business analytics and
intelligence, particularly the foundational work of Davenport
(2010).

BASM outlines several key components that contribute to the
successful use of data analytics, emphasizing the integration of
people, technology, and decision-making processes. The model
identifies the following essential components for business suc-
cess (Seddon et al. 2017):

1. Analytical leadership: Strong leadership that champions
the use of data in decision-making processes.

2. Enterprise-wise analytics orientation: The extent to which
the organization embraces a corporate-wide approach to
data analytics.

3. Well-chosen objectives: The degree to which objectives for
new data analytics initiatives are carefully chosen based on
their business potential and the organizational resources
required.

4. People with an analytical mindset: The presence of individ-
uals within the organization with the skills and mindset to
drive commercial value through data analytics

5. Availability of high-quality data: Reliable data forms the
foundation of effective analytics.

6. Analytical workforce: Skilled personnel capable of extract-
ing actionable insights from data.

7. Data-driven decision-making: The incorporation of
evidence-based decisions into the organization's core
operations

In summary, the BASM model suggests that the use of data
analytics can uncover insights, which in turn lead to informed
decisions. If these decisions result in beneficial actions, they gen-
erate commercial advantages for the organization. Conversely, if
no insights are produced, or if the insights fail to translate into
decisions that lead to beneficial actions, no value will be derived
from data analytics. For this reason, the BASM model proposes
that the “analytics-insight-decision-action” cycle should be “re-
peatedly executed across different parts of the organization”
(Seddon et al. 2017).

However, BASM faces limitations when applied to SMEs, as
these firms typically lack the infrastructure, technical expertise,
and financial resources required to implement large-scale data
analytics initiatives. While BASM works well for large organi-
zations, its complexity and resource requirements make it less
accessible to SMEs, where decision-making is often driven by
immediate operational concerns rather than long-term strategic
analytics (Seddon et al. 2017).

According to Wee et al. (2022), to address the specific challenges
of SMEs, the BASM framework needs to be adapted, focusing
on resource efficiency and simplified processes. The key adapta-
tions for SMEs include:

« Simplified analytic tools: SMEs should prioritize accessible,
cost-effective tools like cloud-based BI platforms, which
can deliver insights without requiring large infrastructure
investments.

o Operational efficiency: Instead of aiming for enterprise-
wide analytics, SMEs can focus on optimizing key opera-
tional areas, such as supply chain management or customer
retention.

» Owner-manager leadership: In SMEs, decision-making is
often centralized, with the owner-manager playing a crucial
role in driving analytics initiatives. Therefore, the analytics
strategy should be tailored to this decision-making structure.

Building on the adapted BASM model, we propose a new ap-
proach to shaping business processes using advanced BDA tai-
lored to SMEs. This approach leverages web scraping and large
language models (LLMs) to streamline business processes, with
a focus on digital marketing. Next, we describe the methodology
employed.

2.2 | Defining Dominant Logic in SMEs

The advent of BDA has introduced both opportunities and
challenges for SMEs. Data-driven insights enable firms to en-
hance decision-making, improve efficiency, and develop com-
petitive advantages (Mikalef et al. 2019; Corte-Real et al. 2017).
However, for SMEs to capitalize on these benefits, they must
undergo a transformation in their dominant logic, shifting from
intuition-based decision-making to structured, analytics-driven
strategies (Bettis and Prahalad 1995).

Dominant logic, as introduced by Prahalad and Bettis (1986),
refers to the cognitive framework that shapes how top man-
agement teams perceive and interpret strategic decisions. It is
embedded in an organization's management principles, control
actions, culture, resource allocation, and strategic approaches
(Coté et al. 1999; Jarzabkowski 2001). In SMEs, this logic is par-
ticularly influential due to the centralized nature of decision-
making, where strategic and operational actions are closely
intertwined (Kugler 2020). While this approach can support agil-
ity, it often limits the adoption of data-driven decision-making,
as SMEs tend to rely on tacit knowledge and informal processes
(Bettis and Prahalad 1995).

The process follows a structured flow: the client presents a prob-
lem, the service provider prepares a project, development occurs
in stages, and payment is linked to milestone deliveries. At the
conclusion of the project, the company not only gains revenue
but also adds another validated success case to its portfolio,
reinforcing its ability to replicate solutions for new clients (De
Rolt 2000). The knowledge acquired during the development of
the customized solutions and the feedback gathered during de-
ployment provide input to the product development team to con-
tinuously refine the generalized, e.g., generic offering. Figure 1
illustrates the complete workflow.

Adapting dominant logic to incorporate BDA requires in-
tentional transformation. Many SMEs operate with a
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FIGURE1 | Replication of success case processes flow (adapted from De Rolt 2000).

decision-making approach that prioritizes rapid responses
over structured analysis. This can create resistance to adopt-
ing data-driven practices, such as organizational routines,
leadership perspectives, and resource constraints that hin-
der the shift toward analytics-driven strategies (Bettis and
Prahalad 1995; Kugler 2020). Without an adaptation of domi-
nant logic, businesses may struggle to extract value from BDA
or misinterpret analytical insights, leading to ineffective stra-
tegic responses (Coté et al. 1999).

The process of updating an SME's dominant logic involves gradual
changes, requiring investments in data literacy, the integration of
analytical tools, and the establishment of new decision-making
routines (Gupta and George 2016; Corte-Real et al. 2017). Studies
suggest that SMEs with a strong commitment to fostering a data-
driven culture are better positioned to leverage BDA for strate-
gic innovation and operational efficiency (Mikalef et al. 2019).
Shifting from intuition-based approaches to data-driven strate-
gies can enhance competitiveness and long-term sustainability
in an increasingly digital business environment.

Taken together, the business process perspective and the no-
tion of dominant logic provide a lens to understand how an-
alytics capabilities are embedded in organizational routines
and strategic decision-making. This foundation enables a
more focused examination of how BDA are operationalized in
specific functional domains. Accordingly, the following sec-
tion turns to digital marketing, where analytics-driven lead
generation and qualification represent a critical application
area for SMEs.

2.3 | BDA and Digital Marketing

The adoption of BDA is growing rapidly, with its primary value
being the acceleration of decision-making processes, offering or-
ganizations a competitive advantage (Corte-Real et al. 2017; Ertz
et al. 2021; Miiller et al. 2018). BDA projects can serve a vari-
ety of purposes, such as improving customer satisfaction, man-
aging supply chain risks, generating competitive intelligence,

optimizing pricing, predicting sales trends, and detecting fraud
(Ertz et al. 2021; Lehrer et al. 2018). Studies demonstrate the
tangible benefits of adopting BDA, such as higher productivity,
reduced operational costs, and better alignment between tech-
nology and business strategy (Raguseo and Vitari 2018).

Digital marketing, intrinsically linked to and greatly enabled
by BDA (Chaffey and Smith 2017; Wedel and Kannan 2016), in-
volves the promotion of products and services through online
channels such as social media, search engines, email, and web-
sites. BDA plays a transformative role in digital marketing by
enhancing strategies through deeper insights into customer be-
havior, preferences, and market trends.

Key concepts in digital marketing encompass strategies such as
lead generation, branding, and account-based marketing (ABM)
(Kotler et al. 2021; Kumar et al. 2021). Lead generation focuses
on identifying potential customers through targeted cam-
paigns designed to attract and engage prospects effectively. In
B2B SME contexts, recent research emphasizes that analytics-
enabled platforms and Al-based tools increasingly support the
structuring, prioritization, and personalization of lead genera-
tion processes, helping firms systematize customer acquisition
despite limited resources and specialized expertise (Wei and
Pardo 2022; Li et al. 2023). Marketing-specific applications of
Al such as automated marketing platforms and chatbots, have
been shown to improve customer interaction and operational
efficiency when embedded in broader digital workflows, while
data-driven targeting and campaign optimization can sig-
nificantly enhance lead volume and quality (Kedi et al. 2024;
Pamungkas and Wandebori 2025). Branding aims to build a
company's identity and foster customer loyalty by delivering
consistent and compelling messaging. Meanwhile, ABM adopts
a personalized approach, concentrating marketing efforts on
key client accounts to strengthen relationships and drive tai-
lored engagement. Together, these strategies form the founda-
tion of effective digital marketing initiatives.

BDA enhances digital marketing strategies by providing action-
able insights that enable businesses to optimize their operations
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across several dimensions. First, BDA facilitates the effective
targeting of customer segments by leveraging historical data
and predictive models to identify and prioritize high-potential
prospects (Wedel and Kannan 2016; Kotler et al. 2021). Second,
it allows for the optimization of campaign performance through
real-time data tracking, enabling marketers to adjust tactics
dynamically in response to evolving conditions (Chaffey and
Smith 2017). Third, BDA supports the personalization of cus-
tomer interactions, tailoring content and engagement strate-
gies to individual preferences, thereby boosting both customer
engagement and conversion rates (Kumar et al. 2021). Finally,
BDA provides tools to measure the return on investment (ROI)
of marketing efforts, delivering critical insights that aid in the
more efficient allocation of marketing resources (Wedel and
Kannan 2016).

Tools like customer relationship management (CRM) systems
and data visualization dashboards allow marketing teams to
make data-driven decisions, improving the marketing funnel's
effectiveness. Furthermore, predictive analytics enables busi-
nesses to anticipate customer behaviors and needs, further re-
fining their marketing strategies (Cruz and Zagha 2018).

Recently, BDA methods and technologies have enabled
large-scale data collection, such as web scraping, where
textual information is retrieved from the web to capture
business-relevant content, also referred to as web mining.
This approach expands the reach of traditional methods that
rely on third-party commercial data vendors (Kinne and
Axenbeck 2019). Previous studies have shown that web min-
ing uncovers insights directly from companies’ self-reported
information on their websites, which tends to be more com-
prehensive and tailored to their offerings than data from ex-
ternal sources (D'Haen et al. 2016). Websites not only function
as a digital identity for companies (Oertel and Thommes 2018;
Powell et al. 2016) but also serve as primary communication
channels. They provide structured and detailed information
aimed at attracting and informing potential customers, mak-
ing them a valuable resource for up-to-date and relevant data
(Kimiloglu and Zarali 2009).

Web scraping offers several advantages for CRM. For instance,
by leveraging online data, acquisition costs can be significantly
reduced when prospecting through digital channels compared
to more traditional, cost-intensive offline methods (Chelariu
and Sangtani 2009). Furthermore, the speed and efficiency of
data collection through web scraping surpass manual or of-
fline approaches (Kalaignanam et al. 2008) and can be used
for advanced qualification and customer acquisition (D'Haen
et al. 2016). By combining web mining with advanced BDA tech-
nologies, organizations can systematically extract, process, and
analyze web data, transforming it into actionable insights that
drive customer engagement, innovation, and long-term business
success.

The introduction of LLMs, such as BERT (Bidirectional Encoder
Representations from Transformers), marks a pivotal develop-
ment in BDA (Devlin et al. 2019). These models utilize embed-
dings to represent text as multidimensional vectors, enabling
semantic similarity calculations that go beyond simple keyword
matching (Han et al. 2021). By analyzing text contextually, LLMs

provide a deeper, more accurate understanding of information.
This shift allows businesses to automate complex information
retrieval tasks, achieving both scale and precision while reduc-
ing the manual effort traditionally required (Brown et al. 2020).

BERT has been particularly influential in semantic search due
to its ability to interpret context bidirectionally, enhancing tasks
like classification, clustering, and retrieval (Devlin et al. 2019).
Its application ensures that information is not only retrieved
but also understood in a meaningful way, enabling actionable
insights (Raffel et al. 2020). These advancements represent a
major productivity breakthrough, allowing human resources to
focus on strategic and expert-level work while delegating repet-
itive tasks to AI (Vaswani et al. 2017). The scalability offered
by LLMs further enhances their appeal, enabling organiza-
tions to process vast amounts of data more efficiently (Brown
et al. 2020).

Consequently, LLMs enable a wide range of potential business
applications. One of them is the marketing and sales process,
which is the focus of this study. Here, we propose the use of web
mining and LLMs to improve marketing operations through a
data-driven lead qualification. By combining web scraping for
data collection with the semantic search capabilities of LLMs,
businesses can more effectively identify and prioritize leads,
making marketing operations more targeted and efficient.

However, effective adoption often requires an organizational
change to incorporate new or transformed business processes.
Finally, we ground our study on BASM, which will be discussed
next. In this paper, we investigate adoption through the lens of
BASM, including the logic-dominant perspective in a case study,
as explained next.

3 | Methodology

This research employs a qualitative approach with an explor-
atory and descriptive design, adopting a case study methodology
to examine the integration of BDA into the business processes
of an SME. The study focuses on digital marketing within the
context of a SaaS company, aiming to map existing processes,
identify opportunities for BDA application, and propose a new
organizational framework aligned with enhanced analytics
capabilities.

The case study methodology facilitates an in-depth exploration
of contemporary phenomena, particularly when the boundaries
between the phenomenon and its context are not clearly defined
(Yin 2001). Business process modeling (BPM) is employed to de-
pict the current organizational structure, outlining the context
and mapping the specific business processes for marketing and
sales. To that end, internal business documents and workflow
diagrams were analyzed to identify bottlenecks and inefficien-
cies. Using the data flow diagram (DFD) technique (Gane and
Sarson 1983), the study modeled the current state of these pro-
cesses, emphasizing the flow of data within the organization
and identifying points where data-driven insights could be in-
troduced to optimize operations. The application of these pro-
cess modeling techniques used the BASM framework adapted
for SMEs.
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Semistructured interviews were conducted with key stakehold-
ers in the organization, including the marketing analyst, the
marketing director, the sales director, and the CEO, to comple-
ment the process mapping activities. The interviews with the
marketing analyst and the marketing director were conducted
virtually using Microsoft Teams software, and we received per-
mission to record the entire interview. In the case of the sales
director and the CEO, the interviews took place in person at the
company headquarters. Each interview lasted approximately
60-90min and followed a flexible interview guide aligned with
the study objectives. The interviews provided qualitative insights
into perceived benefits, challenges, and organizational readiness
for adopting BDA in digital marketing. While sales are depicted
as a distinct macro-process in the process mapping, sales-related
perspectives were captured through the Commercial Director,
who holds responsibility for sales management and for coordi-
nating the marketing-sales interface, rather than through direct
interviews with individual sales staff. The interviews were em-
bedded in an iterative process-mapping exercise, including the
discussion of context diagrams and data flow representations
derived from internal documentation, and the resulting insights
informed the development of an organizational framework for
integrating BDA into marketing processes and workflows.

3.1 | Processes Modeling

To understand and model the business processes of the com-
pany under study, BPM was employed. BPM provides a struc-
tured approach to analyzing and optimizing organizational
workflows, ensuring alignment with business objectives and
operational efficiency (Dumas et al. 2013). It encompasses
mapping, evaluating, and continuously improving processes
to achieve organizational goals. Frameworks such as business
process reengineering (BPR) have historically emphasized rad-
ical changes to enhance productivity and customer satisfaction
(Hammer and Champy 1993). BPM further extends these princi-
ples by fostering continuous improvements that align processes
with strategic objectives (Dumas et al. 2013).

Incorporating BDA into BPM frameworks enhances real-time
monitoring and data-driven decision-making, enabling busi-
nesses to dynamically adapt to evolving environments. By le-
veraging data analytics, organizations can identify inefficiencies
and implement timely adjustments, thus optimizing their opera-
tional processes (van der Aalst 2016). These integrations under-
score the evolving capabilities of BPM, making it a critical tool
for modern data-driven enterprises.

Our analysis allowed the identification of specific changes needed
to integrate advanced analytics into business processes. These
changes were structured as a roadmap, illustrating the step-by-
step application of BDA in digital marketing processes to improve
sales, customer retention, and overall business outcomes.

Additionally, a qualitative analysis of interview data was con-
ducted to assess the feasibility and expected impact of the pro-
posed changes. Managers' insights were coded and categorized
to understand the organization's readiness for change, the ex-
pected challenges in implementing BDA, and the long-term ben-
efits anticipated.

4 | Case Study

This case study focuses on the analysis and mapping of business
processes in a SaaS company located in the technological hub of
Florianopolis, Santa Catarina state, Brazil, which has over 1700
companies. The organization was selected for its role as an inno-
vative player in the regional SaaS B2B market, offering an ideal
context for examining the integration of BDA into marketing and
business processes. Founded in 2001, the company is a publicly
traded entity headquartered in Florianépolis city (Brazil), a consoli-
dated technological hub in Brazil. With a workforce of 110 employ-
ees and a revenue of approximately R$ 20 million (ca. 5 million US
dollars), the company has experienced steady growth in the SaaS
sector, providing secure cloud-based services to various industries
such as finance, insurance, telemedicine, and human resources.

The company's value proposition is offering authentication ser-
vices for digital documents. Its clients include medium-sized
and large enterprises from both the public and private sectors,
with a strong presence in the national market and plans for fur-
ther international expansion.

The organization employs a systemic approach to its business
processes, with a clear hierarchical structure overseen by a
Board of Directors and managed by a CEO and two additional
directors. The primary macro processes in the organization in-
clude infrastructure support, customer services, product devel-
opment, marketing, and sales, the latter two of which are the
focus of our analysis. The organization's process landscape is
illustrated as context mapping in Figure 2, including, after map-
ping the current situation, the insertion of a new business pro-
cess called similarity analysis.

In this context mapping, we present a bird's-eye view of the re-
lationships between macro processes. Next, we zoom in on the
intervention on marketing and sales processes.

4.1 | Marketing and Sales Business Processes

Marketing and sales processes are critical areas, especially for
SaaS B2B, where BDA can be leveraged to drive growth. The
marketing process is particularly important for customer acqui-
sition and engagement, while the sales process is directly tied to
the company's revenue generation. By mapping these processes,
we aim to propose how advanced analytics can be integrated to
optimize performance.

The company's marketing department is structured and already
employs a variety of digital marketing strategies, including in-
bound marketing, ABM, branding, and user experience (UX)
design. The marketing business process was further detailed
using a DFD diagram, broken down into subprocesses, includ-
ing expressions of interest, generating inbound and outbound
content, monitoring performance, creating smart lead lists,
qualifying leads, analyzing results, and tracking performance,
as can be seen in Figure 3. Highlighted are the processes im-
pacted by the proposed new method.

The marketing processes integrate commercial strategies into con-
tent creation for potential clients (Inbound) and the generation
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of SmartLead Lists based on internal and external data sources
(Outbound). The process of content generation involves multiple
channels, such as social media and blogs indexed by search en-
gines, emails, and direct communication. Content is tailored to
the lead's progress in the marketing journey, aiming to generate
interest in the company’s products. Once the lead meets pre-
defined qualification criteria, it is forwarded to the sales process.

The key distinction between inbound and outbound strategies lies
in the SmartLead List, which is generated internally from exter-
nal and internal databases. These lists are developed based on the
sales strategy, defining the value proposition for specific potential
client profiles, and are refined through data analysis to align with
these characteristics. The process then seeks to attract, prepare,
and educate potential clients, guiding them toward evaluating the
company's products. The generation of SmartLead Lists involves
significant data analysis, relying on third-party service providers
for access to databases and requiring a great level of expertise and
knowledge to curate the list and align it with the current commer-
cial strategy. Therefore, this process, together with the existing
lead qualification, is the target of the proposed method.

The legacy business processes in the case study organization
show a formalized approach to marketing and sales. However,

Potencial
cuslomer’s
URL

Businesses process mapping. [Colour figure can be viewed at wileyonlinelibrary.com]

this process is fragmented and requires close and intense in-
teraction with the Marketing and Sales personnel. Based on
theoretical findings and an in-depth understanding of the or-
ganization, the proposed solution focuses on introducing a BDA
approach to the replication of successful cases. This approach,
hereby named “Similarity analysis,” allows SMEs to leverage
their accumulated knowledge and artifacts from past projects
and current clients to boost client acquisition and growth.

4.2 | The Similarity Analysis Process

The new process, named “Similarity Analysis,” is designed to
enhance the speed and effectiveness of replicating success cases
by identifying potential clients with profiles, challenges, and
needs similar to those of its existing clients. This approach aligns
with the company's dominant logic, which frames its commer-
cial strategy around replicating successful projects, particularly
in industries where it has established expertise.

The similarity analysis process integrates web scraping tech-
niques and natural language processing (NLP) to match po-
tential clients with the company's portfolio of successful cases.
Additionally, it uses LLM to generate tailored content for these
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prospective clients and even customized commercial proposals.
Figure 4 shows the workflow, from the data collection to the
commercial proposal generation.

We compile the complete process into 11 key activities that sum-
marize the workflow as follows:

1. Documenting success cases: The first step is to document
each success case thoroughly, including key client charac-
teristics, problems solved, technologies used, and project
outcomes. These cases are then used to increase the con-
text for finding similar companies, e.g., leads.

2. Data collection on potential clients: Using web scraping
and commercial firms' databases, the company collects
data on potential clients who share characteristics with
current clients. The data includes industry, size, geogra-
phy, and other relevant details.

3. Criteria definition: Business and technical criteria are es-
tablished to guide the web scraping process. This includes
specifying relevant keywords for client identification and
setting limitations on the depth of data extraction.

4. Automated web scraping: The process then collects textual
information from identified potential clients' websites,
storing this data in a raw, unprocessed format.

5. Data preprocessing: The collected data is cleaned and pre-
pared for analysis, filtering out irrelevant content such as
slogans and call-to-action messages.

Analysis

10.

11.

lead quallﬁevi
funnel sales: .
progressiof

I
v N SIMILARITY
-\ ANALYSIS

Lead g -

Qualification |~ :

ad’s qualty—— - _ "B

| Marketing business processes. [Colour figure can be viewed at wileyonlinelibrary.com]|

Data filtering: Information retrieval methods like TF-IDF
or BM25 are used to filter data further, focusing on rel-
evant information to ensure a high-quality match with
existing success cases.

Dense retrieval using neural models: Advanced neural
networks like BERT are used to capture complex relation-
ships in the text, enabling a more nuanced understanding
of the potential client profiles.

. Vector database creation: Each client, both current and

potential, is represented as a vector in a multidimensional
space using embedding techniques. A vector database is
used to store and search for these representations.

. Similarity matching: Using cosine similarity, the system

calculates the degree of similarity between current and
potential clients, identifying which new prospects are
most likely to benefit from the company'’s services.

Ranking of potential clients: A ranked list of potential cli-
ents is generated based on their similarity scores, which is
then validated by the sales and marketing teams.

Customized proposal generation: Finally, LLMs like GPT4 or
Llama 3 are used to create personalized commercial propos-
als for the highest-ranking potential clients. These proposals
leverage the similarities found in the successful cases, offer-
ing tailored solutions that align with the client's needs.

Integrating similarity analysis into the company's marketing
and sales processes can lead to three key outcomes: increased
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reach, improved precision, and greater efficiency. By employ-
ing web scraping, the company can identify a broader range of
potential clients and uncover new opportunities. Customized
proposals tailored to the specific needs of potential clients
enhance alignment and significantly improve the likelihood
of conversion. Additionally, automation streamlines opera-
tions, reducing the workload on sales teams, enabling them
to focus on high-quality leads, and ultimately shortening the
sales cycle.

This proposed process introduces a new set of business activi-
ties that align with the company's goal of scaling through auto-
mation, creating more opportunities for growth while reducing
the dependency on manual processes. It represents a significant

Creale vector
database

LLM
1 O Prompt using

» DS Refined data subset

A

11

Generative Al

Crafl
commaercial
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Ccases

D9 Oraft for manual
evaluation and editing

improvement in the company's current marketing and sales op-
erations, transforming BDA into a practical and actionable tool
that drives business performance.

5 | Case Analysis and Findings

In this section, the insights gathered from the interviews con-
ducted with key managers in the case study company are ana-
lyzed. The purpose of the interviews was to capture perceptions
regarding the proposed adjustments to organizational processes,
specifically the introduction of Similarity Analysis to improve
business performance through data analytics. The analysis
delves into each manager's view on the proposal, identifying
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common themes and challenges related to data-driven decision-
making, marketing automation, and the application of Big Data
techniques.

The proposed adjustments to organizational processes, including
the integration of Similarity Analysis, were presented to key mar-
keting and sales managers through semistructured interviews.
The discussions aimed to evaluate the feasibility, alignment, and
potential impact of the proposed changes on existing business
practices. Across roles, the feedback underscored usual chal-
lenges, opportunities, and perceptions regarding the proposal.
The questions are available in Appendix A.

5.1 | Challenges in Replicating Success Cases
and Leveraging Data Analytics

A recurring theme across the interviews was the difficulty in ef-
ficiently replicating success cases, particularly when transition-
ing solutions across industries. Managers described the process
as highly manual, slow, and resource-intensive. The lack of a
structured approach to leveraging data analytics further com-
pounded these challenges. While some data-driven practices
were in place, such as basic LinkedIn Ads campaigns or iso-
lated CRM-based analytics, these efforts were fragmented and
underutilized.

The Marketing Analyst and Chief Marketing Officer (CMO)
both highlighted the need for improved data collection and anal-
ysis to better identify potential clients. They noted that current
methods relied heavily on manual work and lacked automation,
limiting the company's ability to scale efforts. The Commercial
Director echoed these sentiments, pointing out that existing an-
alytics initiatives were confined to small, isolated projects that
did not fully support strategic goals.

5.2 | Opportunities for AI-Driven Transformation

Managers across roles recognized the transformative potential
of similarity analysis, particularly in automating lead qualifi-
cation and streamlining sales and marketing alignment. The
marketing analyst emphasized that such a solution could revo-
lutionize client acquisition by automating lead generation, using
web scraping to identify prospective clients, and applying Al to
uncover patterns beyond human perception. Similarly, the CMO
saw great value in using similarity analysis to educate poten-
tial clients on unmet needs and shift efforts from “attending de-
mand” to “generating demand.”

The Commercial Director and CEO saw similarity analysis as a
critical tool for enabling more precise segmentation and person-
alization. They appreciated the potential for Al-driven insights
to create tailored content and efficient sales pitches, thereby im-
proving client targeting and engagement.

5.3 | Barriers to Implementation

Despite their enthusiasm, managers identified several barriers
to implementing the proposed adjustments. One major concern

was resource constraints, including the small size of the market-
ing team and the limited availability of technical expertise. Both
the marketing analyst and CMO stressed the need for dedicated
resources to manage the automation and analysis processes,
which would require investment in both people and technology.

Another key barrier was cultural resistance to change. The
CMO and CEO highlighted the challenge of convincing stake-
holders to prioritize data-driven decision-making, especially
when immediate ROI might not be evident. The CEO noted
that a phased approach to implementation would be essential,
allowing the company to experiment, learn, and refine the
process over time.

5.4 | Strategic Alignment and Organizational
Readiness

Managers unanimously agreed that aligning the proposed ad-
justments with the company's strategic goals was crucial. The
CEO emphasized that the proposal fits well with the company's
broader transition to scalable cloud-based services and API-
driven solutions. However, they also stressed the importance of
incremental implementation to build organizational readiness
and address the significant learning curve.

The CMO and Commercial Director highlighted the need for ro-
bust software solutions to support the proposed changes, with a
focus on scalability and usability. They also pointed to the im-
portance of fostering collaboration between marketing and sales
teams, ensuring that the new processes would be seamlessly in-
tegrated into existing workflows.

Across roles, managers recognized the potential of Similarity
Analysis to address current inefficiencies and unlock new op-
portunities. However, they also emphasized the need for careful
planning, resource allocation, and cultural adaptation to ensure
successful implementation. Key takeaways include:

« Efficiency gains: Automating data collection and lead qual-
ification through similarity analysis could significantly
improve marketing and sales processes, enabling faster rep-
lication of success cases and more precise targeting of poten-
tial clients.

» Resource constraints: Addressing the limited availability of
human and technological resources will be critical to scal-
ing the proposed solution.

« Cultural shift: Building a culture of data-driven decision-
making will require persistent effort, clear communication
of benefits, and demonstration of value through iterative
implementation.

« Strategic alignment: Integrating Similarity Analysis into the
company's existing goals and workflows is essential to max-
imize its impact and ensure long-term sustainability.

Table 1 presents selected illustrative quotes from the inter-
views, highlighting key challenges, opportunities, and barriers
perceived by different organizational roles in relation to BDA-
enabled lead qualifications.
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TABLE1 | Representative quotes.

Theme Quote Role
Challenge “We tried to replicate a successful case together with the commercial area, but the Marketing Analyst
process was extremely labor-intensive and relied heavily on manual activities”
Opportunity “This project would be excellent for sales, because the salesperson would Marketing Analyst
already have prior information about potential clients and their needs,
which would allow us to scale sales through automated processes”
Barrier “We use data analysis, but in a very basic way. Decisions are often not based on Chief Marketing Officer
data because we struggle to collect reliable information in a timely manner”
Challenge “Creating highly personalized marketing approaches with a team of only two Chief Marketing Officer
analysts is unrealistic, even though we know this would generate better results”
Challenge “The main challenge for marketing and sales is opening doors to potential Commercial Director
clients and reducing the gap between our products and the market”
Opportunity “Using Al to generate segmented and richer content would be Commercial Director
extremely valuable, both for marketing and for sales”
Barrier “Salespeople are a very expensive resource, and in SMEs this Chief Executive Officer
role is often performed by the founders themselves”
Opportunity “The similarity analysis proposal seems important to support sales Chief Executive Officer

and improve the interaction between marketing and sales”

Collective feedback underscores the importance of a phased,
adaptive approach to implementing the proposed adjustments,
balancing innovation with practical considerations of organiza-
tional readiness.

5.5 | Roadmap for Organizational Change

Based on the insights from the case study and theoretical find-
ings, a comprehensive 15-step roadmap was developed to guide
the implementation of Similarity Analysis and broader data-
driven organizational changes. This roadmap integrates the
feedback from interviews and focuses on enhancing business
processes, especially in marketing and sales, through BDA:

1. Map business processes: Begin with detailed process map-
ping to understand the current state and establish a base-
line for future changes.

2. Identify current dominant logic: Recognize the company's
current strategic mindset and how it informs business
decisions.

3. Maintain or update the dominant logic: Evaluate whether
the current logic should evolve into a more data-driven
approach.

4. Develop insights: Leverage data to extract actionable in-
sights that align with the dominant business logic.

5. Select key insights: Prioritize the most valuable insights for
implementation based on available resources.

6. Define new data-driven business processes: Establish new
processes informed by the selected insights, ensuring
alignment with organizational goals.

7. Assess the impact: Evaluate the potential effects of in-
troducing new data-driven processes on the company's
structure.

8. Integrate the new processes: Seamlessly incorporate data
analytics into existing processes, particularly marketing
and sales.

9. Acquire knowledge: Build the technical and business ex-
pertise needed to execute the changes effectively.

10. Implement a pilot project: Test the new processes
through a pilot project, ensuring careful monitoring and
adjustment.

11. Evaluate results: Measure the outcomes of the pilot project
against established success criteria

12. Adjust: Refine the processes based on the results of the
evaluation, addressing any issues

13. Run the pilot with adjustments: Implement the adjusted
processes in a second iteration of the pilot.

14. Decide on continuous adoption: Determine whether to
fully adopt the new processes across the organization.

15. Automate and integrate: Once the processes have proven
successful, automate them and integrate them into the
broader organizational framework.

Our findings propose an enhancement to the BASM framework,
originally developed by Seddon et al. (2017) and later adapted for
SMEs by Wee et al. (2022), with a specific focus on SaaS SMEs.
This refinement introduces two critical elements: business pro-
cess mapping and the identification of dominant logic, which
serve as foundational steps for aligning data-driven strategies
with organizational objectives, as illustrated in Figure 5.
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In summary, the 15-step roadmap proposed updates to the
BASM framework provide a structured pathway for integrat-
ing data-driven processes into SMEs, with a specific focus on
marketing and sales activities. The case study highlights the
importance of understanding and aligning the dominant logic
with data-driven initiatives, emphasizing the need for careful
planning, iterative evaluation, and gradual implementation.

6 | Discussion

Addressing RQ1 on how BDA can be integrated into lead qual-
ification processes, this study expands on the BASM by incor-
porating organizational analysis and change as foundational
elements for adopting BDA into marketing processes in SaaS
SMEs. The updated framework emphasizes two new compo-
nents—business process mapping and dominant logic identi-
fication—tailored to address the unique challenges of SMEs,
particularly those operating under resource constraints (Wee
et al. 2022). Using marketing processes as a practical use case,
the research links organizational transformation to strategic
and operational readiness for adopting BDA, highlighting how
such initiatives can drive scalable and sustainable growth.

The insights gathered from the case study and interviews reveal
that the integration of BDA into lead qualification processes re-
quires a shift not only in technology but also in organizational
structure and culture. In this study, organizational structure
refers to concrete elements such as the allocation of roles and
responsibilities for analytics-related tasks, coordination mech-
anisms between marketing and sales, and the formalization
of workflows and decision rights associated with data-driven
lead qualification. Business process mapping was identified
as an essential step in this transformation, allowing the case
company to visualize inefficiencies and align workflows with
strategic objectives (Seddon et al. 2017). By analyzing existing
practices, the company could pinpoint how data analytics could
optimize lead qualifications, such as automating repetitive tasks
and enabling real-time decision-making. This aligns with pre-
vious findings that underscore the value of data-driven insights

for refining customer segmentation and targeting strategies
(Rancati et al. 2015).

From the perspective of RQ1, the BASM framework also un-
derscores the importance of generating actionable insights
through an iterative “analytics-insight-decision-action” cycle
(Seddon et al. 2017). The roadmap developed in this study
demonstrates how SMEs can progressively adopt BDA through
small-scale pilots, allowing them to learn and adjust with-
out overwhelming their limited resources. This approach not
only aligns with the adapted BASM framework but also res-
onates with findings from the literature that emphasize the
need for gradual adoption to overcome resource and expertise
constraints (Gupta and George 2016; Bianchini and Veronika
Michalkova 2019).

In relation to RQ2, which examines the key barriers SMEs face
when adopting BDA for marketing, the interviews revealed sev-
eral challenges that align with the existing literature. One sig-
nificant barrier is the lack of technical expertise, which limits
the ability to deploy and sustain advanced analytics solutions
(Noonpakdee et al. 2018). For example, while the introduction of
Similarity Analysis was perceived as transformative, the man-
agers expressed concerns about the need for skilled personnel to
manage the technology effectively. This mirrors prior research
highlighting that resource constraints, including human capi-
tal, are among the most significant impediments to BDA adop-
tion in SMEs (Maroufkhani et al. 2022).

Cultural resistance also emerged as a critical barrier. The CEO
and CMO both noted that fostering a culture of data-driven
decision-making would require clear communication of the
benefits and gradual demonstration of ROI. This finding aligns
with Kugler (2020), who emphasized that organizational trans-
formation toward a data-driven culture depends on changing
the dominant logic that governs decision-making processes. In
the case study, the company's dominant logic-centered on rep-
licating successful business cases-provided a starting point for
this cultural shift but required reconfiguration to fully embrace
analytics.
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The study highlights the importance of dominant logic as a stra-
tegic lens for understanding and implementing BDA in SMEs.
Bettis and Prahalad’s (1995) conceptualization of dominant logic
as a cognitive framework underscores its influence on resource
allocation and decision-making. In this case study, the domi-
nant logic of replicating success cases informed the strategic
design of data-driven marketing processes, particularly through
Similarity Analysis. This structured approach reduced risks as-
sociated with scaling operations, demonstrating how aligning
analytics with dominant logic can streamline adoption.

Addressing RQ3 on how these barriers can be overcome, the
roadmap proposed in this study advocates for leveraging cost-
effective tools like web scraping and sentence transformers such
as BERT. These technologies automate labor-intensive tasks and
enable real-time analysis of unstructured data, making them ac-
cessible even to resource-constrained SMEs (Devlin et al. 2018).
This aligns with broader findings in the BDA literature that em-
phasize the democratization of analytics tools as a key enabler
for SMEs (Lehrer et al. 2018).

The iterative implementation of BDA, as outlined in the road-
map, also addresses cultural resistance by allowing organiza-
tions to experiment, learn, and demonstrate value incrementally.
This phased approach, supported by clear communication and
cross-functional collaboration, facilitates the alignment of ana-
lytics initiatives with strategic goals, ensuring both buy-in and
sustainability.

In sum, this study shows that integrating BDA into lead qualifi-
cation in SaaS SMEs requires alignment between analytics ini-
tiatives, business processes, and dominant logic. While resource
constraints, limited expertise, and cultural resistance remain
significant barriers, a phased and process-oriented adoption ap-
proach enables SMEs to build analytics capabilities incremen-
tally. By combining business process mapping, dominant logic
awareness, and iterative experimentation, SMEs can gradually
embed data-driven practices into marketing and sales routines,
supporting scalable and sustainable growth.

7 | Conclusion

This study examined the adoption of BDA in marketing pro-
cesses through the lens of the BASM, proposing an adaptation
to address the specific needs of SaaS SMEs better. The proposed
enhancements to the BASM framework include the incorpora-
tion of dominant logic analysis and business process mapping
as foundational steps for organizational transformation. Using
a qualitative case study approach, this research focused on the
organizational changes and process reengineering required to
adopt data-driven strategies, exemplified through a method le-
veraging web scraping and LLMs for improved lead qualifica-
tion and customer acquisition in a SaaS B2B context.

The findings emphasized the importance of understanding and
aligning an organization's dominant logic with the adoption of
data analytics, as well as the need to map business processes to
identify integration points for modern technologies. These steps
were shown to facilitate organizational change by addressing
challenges related to resource limitations, technical expertise,

and cultural shifts. Interviews with key stakeholders high-
lighted both the opportunities presented by data-driven strate-
gies, such as the replication of success cases through similarity
analysis and the barriers SMEs must navigate to realize these
benefits.

Based on the insights gathered, a practical roadmap was pro-
posed to guide SMEs in gradually integrating BDA into their
business processes, particularly in marketing and sales, where
its impact can be most pronounced. By framing these technolog-
ical changes within the broader context of organizational analy-
sis, this study provides a comprehensive approach to data-driven
transformation tailored to the realities of SaaS SMEs. The inte-
gration of dominant logic and business process mapping within
the BASM framework offers a structured pathway for SMEs to
transition toward data-intensive operations, contributing to the
literature on BDA adoption by filling a gap in practical, SME-
focused methodologies.

7.1 | Contributions and Implications

This research contributes to the theoretical development of the
BASM framework by extending its applicability to SaaS SMEs.
By incorporating business process mapping and dominant logic
identification, the adapted BASM framework provides a practi-
cal tool for guiding SMEs through the organizational changes
necessary for BDA adoption. These additional components em-
phasize that successful analytics implementation requires not
just technical solutions but also a comprehensive understanding
of organizational processes and strategic alignment.

From a practical perspective, this study offers a roadmap that
SMEs can use to integrate BDA into their operations, starting
with marketing processes as a use case. The roadmap balances
innovation with resource efficiency, demonstrating how SMEs
can overcome barriers such as limited technical expertise and
cultural resistance. Moreover, it highlights the role of dominant
logic in shaping data-driven strategies, providing a structured
approach to organizational transformation.

7.2 | Limitations and Future Research

One limitation of this research is that the proposed roadmap
has been examined within the context of a single SME, which
may affect the generalizability of the findings to other industries
or larger organizations. While the roadmap offers a structured
approach to integrating data-driven strategies into business pro-
cesses, its broader applicability would benefit from further ex-
ploration in diverse organizational settings.

Future research should focus on applying and validating the
proposed roadmap in multiple SMEs across different sectors
to provide a more comprehensive understanding of how data-
driven strategies can be adapted to varying industry contexts.
Additionally, further investigation into the integration of AI-
driven analytics with traditional methods could enhance our
understanding of how these technologies can complement each
other to improve SME performance. Finally, developing stan-
dardized metrics to evaluate the cost-effectiveness and ROI of
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data-driven initiatives in SMEs could strengthen the case for
broader adoption of such strategies.
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Appendix A

Questionnaire

1. Isthe company able to replicate success cases quickly?

2. Is data analytics being used to become more competitive? What
strategies are applied?

3. Does the company understand the profile of its potential clients?
Do they match current clients?

4. Does the company have the technology infrastructure to imple-
ment the proposed process?

5. What is the perception of the viability of adjusting organizational
processes to implement the proposed similarity analysis?
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